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Economic Development Department, NDC
Abstract

The study uses the dynamic factor model of Doz, Giannone, and Reichlin
(2012) to establish Taiwan's FCI, and analyzes the relationship between Taiwan's
financial condition and that of the United States and China. At the same time, we
analyze the relationship between Taiwan’s financial condition and the business
cycle. The study further uses the component of Taiwan’s FCI to identify important
variables that can predict the business cycle, and uses random forest and logistic
regression model to predict the probability of contraction period of Taiwan in the

next month.

The study found that Taiwan's FCI can reflect changes in Taiwan's financial
condition, and that the financial condition in the United States is ahead of Taiwan
and China. Among the 43 components of Taiwan's FCI, 12 indicators are leading
or coincident with the business cycle. Among them, 6 indicators of the stock
market are coincident, showing that the stock market contains investors'
expectations for the economic prospects and can be used to predict the business

cycle.

In terms of business cycle prediction, the prediction performance of random
forest is generally better than logistic regression model. Observing important
financial indicators, if the exchange rate of the Korean won against the US dollar
depreciates, the reserve money increases, the short-term interest rate difference
between Taiwan and the United States increases, or the balance of loans to private
enterprises increases, the probability of contraction period in the next month will
be higher. If the TPEX rises, the FTSE TWSE Taiwan 50 Index rises, the total
stock market capitalization increases, or the TAIEX rises, the probability of

contraction period in the next month will be lower.
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4 # # REER EEEcr] 1.017 0.398 1.240 0.293
5 e - —  Amgr 1109 0.351 3.951 0.004 *
6 pPRIYE Aok o A% 2832 0.016 * 3.397 0.005 *
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